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5.2 
 Second-Order Optimality Condition and Existence    


 

 

 8.2 ( log logT
j i

j i
f x,w)= c x x wµ µ+ +∑ ∑    

 

 
 

, 1, 2,...., ,

, 1, 2,....., ,

j
j j

i i

f c j n
x x
f i m
w w

µ

µ

∂
= + =

∂

∂
= =

∂

 

 
 

2

2 2

2

2 2

, 1, 2,...., ,

, 1,2,....., .

j j

i i

f j n
x x

f i m
w w

µ

µ

∂
= − =

∂

∂
= − =

∂

 

 


1.2


 




 
 

o b e i k a n d l . c o m 



 
 

 

49 
 

0maximize 
0≥xsubject to 

 

 
 

 

xxf log)( µ= 
 


∞=x

0=x 
 

maximize
subject to 0

x
x
−
≥

 

 

 
 

xxxf log)( µ+−= 

µ=x 
 

 

 2.2 


 
[Va] 


 

 

 

o b e i k a n d l . c o m 



 

 

 


50 

 

32 


0µ >
( , , , )x w y zµ µ µ µ7.2 

2.2 
{( , , , ) : 0}x w y zµ µ µ µ µ >





 

 

o b e i k a n d l . c o m 



 
 

 

51 
 

 
 

 1.2 
x x x1 2 34 3+ +maximize 
subject to 

2 2 4
1

0

1 2 3

1 3

2 3

x x x
x x
x x

− + =
− =

≥,
 

 2.2     { , 0}x : Ax b x≤ ≥  nr ∈¡
ms ∈¡  

 

, , , 0

T

Ax w b
A y z c
YWe s
XZe r
x y z w

+ =

− =
=
=

>

 

o b e i k a n d l . c o m 




